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Autonomous Recognition and Location Technology of Port Container

DING Xiaohu, CHEN Ning
(School of Mechanical and Energy Engineering, Jimei University, Xiamen 361021, China)

Abstract: In view of the problems of automatic container operation, and combining binocular vision with
deep learning, a container 3D recognition and location method based on Faster R-CNN model is presented. The
paper firstly uses the image information of the containers acquired by binocular camera to train Faster R-CNN
model, then detects the targets according to the model for getting the rectangular box of the container and its
center coordinate of frame. In order to get the depth of the containers to realize the three-dimensional positio-
ning, the binocular depth camera has been calibrated and matched. Finally, the coordinates are converted into
the coordinate system of the tire hanging spreader to calculate the distance between all the containers center
and spreader center. The results show that the system can reach 30fps, and the average position of error is with-
in Smm. The system can effectively solve the three-dimensional real-time recognition and location problem of
container, and improve the automatic operation level for handing the containers at port.

Keywords: container; binocular vision; deep learning; three-dimensional positioning
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