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Abstract: The review spammer greatly misleads the consumers and opinion mining system. Presently,
the research of review spammer detection mainly is based on relationships among reviewers, reviews and
stores, which doesn’t take the relationships among reviewers into consideration. This paper proposes a multi-
edge graph model to identify review spammer. Firstly, in the multi-edge graph model, the nodes represent
reviewers and the edges represent the relationships among reviewers. Secondly, according to multi-edge graph
model, reviewers’ inter-assess trustiness model is based on PageRank algorithm to identify review spammer.
And lastly, the datasets are crawled from JOYO Amazon website and Resellerrating. com. Experimental re-
sults show that the model can achieve better performance on the accuracy of review spammer detection and the
identification of review spammer who had only one review can be solved in some extent.
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