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Abstract: To improve the recognition rate of speaker recognition system, this paper presents a method to
extract the combination parameter of Mel frequency cepstral coefficients (MFCC) and accelerated coefficient.
The normalized eigenvector of the traditional MFCC feature parameters, improved noise robustness of MFCC
coefficient. The paper constructs a speaker recognition system using Gaussian mixture model (GMM) , and
conducts on TIMIT corpus, and analyzs recognition ratios under different Gaussian mixed numbers ( GMN)
and the combination of MFCC feature parameters. Experiments show that feature parameters combined im-
proved MFCC with accelerated coefficient are beneficial to improve the speaker recognition rate.
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C, ] WS, (B  EEEXHEE R BT 23— (MVN) 7 Ab BT MFCC 2R 5000 15
Y, WMEIE GRS R, 2800 — GRS 55 1) MFCC(MFCC_G) S8 2 i i
AR B ASRRAE , N EXHE S (S AR T oA UK, I E B — ) MFCC ( AMFCC) fil—
Br MFCC ( A AMFCC), RARIUCESE S s SR E S50, BAAREBOTEIT .
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Tab. 1 Recognition rates based on combination parameters of traditional and improved MFCC

HESH U ZE Rate/ %

Combination parameters GMN =8 GMN =16 GMN =32
MFCC 86 91 92
MFCC + AMFCC 89 92 94
MFCC + AMFCC + A AMFCC 87 92 93
MFCC_G 90 92 94
MFCC_G + AMFCC 92 93 95
MFCC_G + AMFCC + A AMFCC 93 95 96
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