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Abstract: Since terrestrial laser scanner exists scanning corner which may lead to problems such as lac-
king of point cloud and uneven density, it is hard to complete segmentation of building facade and brings great
difficulty for sequent 3D reconstruction. There exist a lot of algorithms related to building fagade segmentation
based LiDAR point cloud datas. RANSAC and Mutil-GS have obvious advantage in sampling strategy among
these algorithms in the literature, but there exists shortcomings for model selection and subsequent optimiza-
tion. Based on a guidance of sampling point density and optimizing the extracted model, this paper puts for-
ward a Global Sample and Model Optimization Sampling and Consensus ( GSMOSAC) algorithm. Comparing
with the traditional RANSAC and Mutil-GS, the algorithm obtains a better segmentation quality in the light of
the experiment results under three types of LiIDAR point cloud datas.
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