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Face Quality Assessment Algorithm Based on Texture Feature Fusion
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Abstract: In face recognition technology, selecting high-quality face images from video is the key step. In or-
der to improve the reliability of face image evaluation, this paper presents a face quality assessment algorithm based
on texture feature fusion. First, the texture features of HOG, GIST, GABOR and LBP are exiracted for face image.
Secondly, according to the annotated data training classifier, the single feature score evaluation is realized, and the
multi-feature score is integrated into the feature vector. Finally, the new feature vector is obtained through the poly-
nomial kernel function, the SVMs classifier is trained with this feature vector, and the obtained classifier returns the
quality score of face image. The experimental results show that this method can effectively enhance the effect of face
image quality evaluation, especially HOG-GIST features combination algorithm has good efficiency, the reliable eval-
uation results can also be obtained for the target face different position and shadowing.
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Fig.1 The flow chart of texture feature fusion algorithm
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Tab.2 The mean and variance comparison table of the three feature fusion in test set 1
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