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Abstract: Due to the problem that the classical association rule Apriori algorithm is prone to produce redun-
dant and misleading association rules in the context of large data sets, and it is difficult to identify key association
rules, this paper proposes an improved Apriori algorithm based on the support-confidence weight-test coefficient
framework and the post-term constraint. Firstly, the correlation coefficient, lifting coefficient and error coefficient
were defined and proved, and then the weight test coefficient was constructed. Secondly, the principal component
analysis method is used to extract the influential factors with high weight in the index as the latter term, and the re-
dundant association information is filtered through the latter term constraints, so as to screen out more accurate key
association rules. The improved Apriori algorithm is applied to mining association rules of the survey data of higher
education satisfaction, and the experimental results verify the rationality and effectiveness of the algorithm.
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