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Predicting the Incidence of Hand-foot-mouth Disease

Based on Wavelet Neural Network

QIU Xiuliang, XIAO Shixiao, ZHANG Baocan
( Chengyi University College, Jimei University, Xiamen 361021, China)

Abstract; According to the research on the meteorological factors, a prediction model of incidence of
HFMD was proposed based on wavelet neural network. In order to verify the validity of the model, a compar-
ative test was carried out. The results were as follows: the actual monthly incidence of HFMD in Xiamen from
July to December 2014 was (7.4,4.7,24.3,21.1,8.2,2.8) x 107 , and the predicted value of wavelet
neural network was (4.3,21.3,15.9,3.5,5.1,27.2) x 107 , the predicted value of BP neural network was
(20.1,14.3,1.7,10.6,68.2,0.4) x 107 , the predicted value of Grry predicition model was (49.7,66. 7,
89.6,120.4,161.6,217.0) x 107 . The results obtained from the simulator showed that the forecasting
model of the wavelet neural network could evidently decrease prediction error and improve forecasting veracity
compared with other models.
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Fig.6 Three methods of predicting the incidence of HFMD
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Tab.1 Comparison of prediction results of WNN and BP neural network
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Fig.7 Fitting chart of wavelet neural network and BP
neural network for HFMD incidence trends

3 #ig

ARSCHETE A WNN X HFMD &9 it i, JF 5K G GM(1,1) BRI K BP #4525 1575
TOMEE AT L, S5 R FRW], HFEMD & %% 35 00 B0 v R i i i 72 WNN, 7 L4521 . 2014 4F
7—12 A, JEITTH HFMD S2BR H B3R (7.4,4.7,24.3,21.1,8.2,2.8) x 107, /NP HHZ X 4R 4557
TE A (4.3,21.3,15.9,3.5,5.1,27.2) x 107, BP P& MERIAITRINE A (20. 1,14.3,1.7,10.6,
68.2,0.4) x 107 | JRATIMFERIFNE N (49.7,66.7,89.6,120.4,161.6,217.0) x 107 ,

[ &% Xk ]

[1] XU SREREY S [M]. dba. ARBAHRE, 1999, 1227-1242.

[2] HEEEE, SKIBSE, &RM, . RHA NPT RTW G EF R R R [J]. HmEEW, 2013,
28(5) : 396-399.

[3] B3, £, S0, 45 KERS GM(1,1) BEREF R OWRARB M AE (1], hEKE, 2013,
27(10) : 769-770.

[4] kH, AR, 8. /DNEMSMEEE SN TR [J]. HENTRESA, 2010, 46(27) . 224-226.

[5] T80, Hkd, =8, . ET/NEMEMENERFRE BT (7). B8RS T/, 2011, 11(21) .

5099-5103.
(6] BEMGE, RO, ZHIBZE. JET/NEAN M4 O B AT ST [J]. hEZ e, 2006, 16(2) .
2225.

(7] e, BRt, FRRZE. ET/NEME MRS E s (1], hERPLTRSR, 2008, 28(7) : 104-109.
[8] 4&Hy, Mo, XL BT /N ph M B s s [1]. (A%, 2007, 28(9) : 1600-1604.
[9] e, MiEHt. fFRTREME [M]. dust. Bl2EHmit, 2002, 97-98.
[10] ZEVE. /NBE Rl 2 S M SC IS R ST [D]. MR . WAJRVE Tl K2, 2008.
[11] sk2%Hs, sk$E, XIoouc, 5. /DNEMZE MR GARE D AR pRT N A (1], HE AL, 2012,
29(6) : 864-865.
(REHRE DSDE% HXFEK HikH)

http : /xuebaobangong. jmu. edu. cn/zkb





