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Abstract: For the needs of informationization and automation of vehicle safety inspection, the problem of vehi-
cle recognition and tracking under outdoor complex scene is studied. In order to solve the problems of motion
history image algorithm such as tailing, voiding and edge discontinuity in motion detection, Gaussian decompo-
sition and morphological filtering are used to compensate the contours. In order to eliminate the multi-target in-
terference caused by lens jitter and water reflection during the tracking, a method is proposed to reduce the tar-
get detection area and image frame number. The new method performs frame by framematching via the vehicle
color histogram and license plate SIFT description. Experiments show that this study can realize a real-time
tracking of the vehicle without loss of robustness and accuracy, and has good commercial application prospect.
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Fig.3 Motion detection result from lens shake and puddle reflection
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Fig.4 Contour feature of the target detection area when lens jitter without
vehicle (no crossing horizontal line)

D, AT RURES R BRAE XA BRAR XA AT, 7 opency Y, BMTE 1 XA MAT X5, 7E2
S5 Z B setroi pREON LB B A ZUIX IR, JFELE ) cvFindContours B AT AR J5L a3 fii 7 1 1E.
RIVRT A5 2 DI A AR is sh ARG 5T, &1 s FTRUA Y, FEA I F o7 B0/ AR XN A 3 A i 5d
DIk, ArBIER E S BARZERE <At XX F logo, “Fit” 5 logo A1 AU IIRITE logo LA K 744
ARGy, AR A B SN IR I B AR O 1 IR 4O A R BORHEAR S, AT 25 1 — iR
ERFATT Z BAR LT RAAE AR (BLBE A2 WU DE Be i R SR U IR, L sg iz 1 4 AR AT A B T K ST R0 R
W ARG RS |

http : /xuebaobangong. jmu. edu. cn/zkb



" 78 FRREM (HRBERRD 22 %

B 5 kBB B RIE RS2 0 E G B (FERB X8k TEL)

Fig.5 The vehicle contour detected in the target area when lens jitter with
vehicle (get crossing horizontal line)
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