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A Novel Algorithm for Multi-fosus Image Fusion

Based on Morphological Component
CHEN Jie, MAO Jian, ZHANG Jiemin
( Computer Engineering College, Jimei University, Xiamen 361021, China)

Abstract: This paper presents a multi-focus image fusion algorithm based on morphological component.
Firstly, source images are decomposed into low-frequent components and high-frequent components by itera-
tion, and curvelet transformation is used for low-frequent components. Secondly, the low-frequent components
are fused by applying a rule of feature activity which is defined by using the operator of difference of Gaussian,
and the high frequent components are fused by means of a rule of details information which is defined by using
weighted gradient. Finally, simulation experiments are conducted through four groups of multi-focus images. The
experimental results compared with ones by traditional image fusion algorithm and the algorithm of the max ab-
solute value of component coefficients. The experimental results show that the proposed algorithm outperforms
other approaches in terms of average gradient, space frequence and entroy .

Keywords: image fusion; morphological component; curvelet transform; difference operator of Gaussian;

feature activity; details information
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