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Abstract: There are few studies on the extraction of eyebrow area in 3D point cloud data, This paper pro-
posed a method to fuse the apparent and curvature characteristics. Firstly, a new 3D —=2D -3D framework was
proposed on the basis of 3D —2D projection, and 3D eyebrow landmarks locating is realized by using 2D key
points. Then ROI was built by using landmarks of eyebrows, the shape of eyebrows was explained by curvature,
and 3D eyebrow regions were extracted based on the appearance characteristics. On the 3D point cloud data set
of DMCSv1 database, eyebrows with different expressions and different eyebrows shapes were exiracted, and the
experimental results verified the feasibility of the method proposed in this paper.
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