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Abstract: In order to improve the safety and smoothness of the sailing process of unmanned surface vehi-
cle and obtain the optimal path, a path planning method based on quantum particle swarm optimization is pro-
posed in this paper. First of all, the dynamic control parameters were introduced to improve the searching abili-
ty and searching accuracy of quantum particle swarm optimization algorithm. Then, under the premise of navi-
gation safety, the path length and smoothness were regarded as objectives to carry out the path simulation ex-
periment of unmanned surface vehicle in different environments. The simulation results show that the proposed
method can find optimal path better in the aspect of path length, path smoothness and path safety.
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